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Abstract

This paper is devoted to analyze several properties of the bifractional Brownian
motion introduced by Houdré and Villa. This process is a self-similar Gaussian process
depending on two parameters H and K and it constitutes natural generalization of the
fractional Brownian motion (which is obtained for K = 1). We adopt the strategy of the
stochastic calculus via regularization. Particular interest has for us the case HK = %
In this case, the process is a finite quadratic variation process with bracket equal to a
constant times t and it has the same order of self-similarity as the standard Brownian
motion. It is a short memory process even though it is neither a semimartingale nor a
Dirichlet process.
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1 Introduction

The paper is devoted to investigate the properties and to construct a stochastic calculus
with respect to the bifractional Brownian motion. The ”o0ld” and somewhat restrictive
theory of the stochastic integration with respect to Gaussian processes from the sixties-
seventies (see e.g. [30] or [35]) has been recently reinforced and considered from a new,
modern point of view, with a particular attention on the case of the fractional Brownian
motion (fBm) due to the significant applications of this process in different phenomena. Let
us briefly recall the principal techniques used in the Gaussian stochastic integration.



e The Malliavin calculus approach (and the white noise calculus) has been used in e.g.
[2], [13], [15] or [31, 4] among others, to integrate stochastically with respect to Gaus-
sian processes of the form f(f K (t,s)dWs where K is a deterministic kernel satisfying
some regularity conditions on s and t. This approach allows to prove an It6 formula
and (for the fractional Brownian motion) a Tanaka formula with Skorohod integral
representation for the local time. The "natural” barrier for this approach in the fBm
case is H = i (H is the Hurst parameter) but an extended divergence integral can be
defined for every H € (0,1) (see [9, 36]). The limits of this theory are given by the
fact that it depends on the form and the properties of the kernel K, and also, there
are not existence results for stochastic equations with fBm in the Skorohod sense.

e The stochastic calculus via regularization has been developed starting from [43], [42]
and continued by several authors. Among typical contributions we quote [21], [18],
[25], [26], [24]. In that approach, stochastic integrals are defined through integrator
smoothing. This method was preceded by the discretization approach which consists in
discretizing the integrator process. These two approaches are almost of pathwise type.
The first contribution in applying pathwise techniques (discretization) in stochastic
calculus comes back to Follmer [20]; relevant are the the works of Bertoin [6] and more
recently of [19], in the context of finite quadratic variation processes. A monography
[14] was also devoted to pure pathwise stochastic integration. Concerning the specific
case of Gaussian integrators, and in particular for fbm, stochastic calculus via regu-
larization was also used partially by [1] or [48]. A significant role in that framework
is played by the symmetric integral f(f Y d°B, where B is a continuous process and Y
is a locally integrable process. The exact definition is recalled at Section 5. When the
integrator B is Gaussian, the regularization approach does not use in an essential way
the form and the properties of the kernel of the process; it is based in principal on the
properties of the covariance function. Given an fom B = B the "natural” barrier

for the existence of stochastic integrals of the type fg g(B)d°B for smooth functions

gis H=¢. For H< %, in general the symmetric integral fgg(B)doB, does not
exist; however an extended symmetric integral may be defined, see [26]. Using calcu-
lus via regularization, stochastic differential equation driven by fBm can be solved by
standard methods as Doss-Sussmann, see e.g. [1, 18, 37]. Note that the integral via

regularization is equal to the Skorohod integral plus a trace term (see [1]).

e The rough paths analysis introduced by Lyons (see [34] or [40]) can be applied to the fBm
situation. See [11] for the construction of the rough paths for fBm with parameter
H > i. As a consequence, stochastic equations driven by fBm can be stated and
solved.

We will focus now our attention to a Gaussian process that generalize the fractional Brown-
ian motion, called bifractional Brownian motion and introduced in [29]. Recall that the fBm
is the only self-similar Gaussian process with stationary increments starting from zero. For
small increments, in models such as turbulence, fBm seems a good model but inadequate



for large increments. For this reason, in [29] the authors introduced an extension of the
fBm keeping some properties (self-similarity, gaussianity, stationarity for small increments)
but enlarged the modelling tool kit. Moreover, it happens that this process is a quasi-helix,
as defined e.g by J.P. Kahane (see [32], [33]).

We refer to [29] for the notions presented in this section.

Definition 1 The bifractional Brownian motion (B, );>0 is a centered Gaussian
process, starting from zero, with covariance

RH K R 1 H H\ K HE
Ut s) = Rt ) oK ((tz )7 —Jt = s ) (1)
with H € (0,1) and K € (0,1].

Note that, if K = 1 then B! is a fractional Brownian motion with Hurst parameter
H e (0,1).

2
o Ifo2(t):=E (Bﬁ’f — Bfl’K) , then

_o2(t) 1-K
iy 0 = o

Let T > 0. For every s,t € [0,T], we have
2
2_K|t B S|2HK <E (BfI’K . BSH’K) < 21—K‘t B S|2HK. (3)

Inequality (3) shows that the process B¥-X is a quasi-helix in the sense of J.P. Kahane
(see [32] and [33] for various properties and applications of quasi-helices).
e For every H € (0,1) and K € (0, 1],

t
t—to

‘ BHE _ Bg’K
lim sup _—
=0 yefto—e, to+e]

:+OO

with probability one for every to.

The process is H K-self-similar.

The process is Holder continuous of order ¢ for any 6 < HK. This follows from the
Kolmogorov criterium.

In order to develop a stochastic calculus with respect to this process, the use of
Malliavin calculus in this context seems to constitute an hard task since the form of the
kernel of B™K is not explicitly known. Therefore we will implement the stochastic calculus



via regularization with respect to BH¥ examining the case of each possible H and K.
Elements of the discretization approach (that is, the use of Riemann sums) are also present
in the paper to study various properties of this process, such as the strong variation, the
cubic variation, long-range dependence or local times. When HK # %, the process has a
some kind of ”fractional” behavior.

On the other hand, we will pay a special attention to the case HK = % (and K # 1;
if K =1 then H = % and we have a Brownian motion). In this case we will show that BX
admits a non-trivial quadratic variation equal to constant times ¢, thus different from the
fractional situation. We will show that even in this case (HK = % and K # 1) the process
is not a semimartingale and it is not a Dirichlet process, although it is somewhat ”closer”
to the notion of semimartingale than the fBm is. In this special case, our process appears
to have something in common with the fBm with parameter less, bigger or equal to one

half. Let us summarize the results proved below.

e Although 2HK =1 implies H > %, the process B#-X seems in this case to have similar
properties as the fBm with H < %: it is short-memory, it is not a Dirichlet process.

e Nevertheless, having finite energy, it is also linked to the fBm with parameter bigger
than 1.
2

e Finally, there are elements placing this process on the ” Brownian motion scale”, of order
%; for example, if one consider occupatio? integrals X; = fg f (Bf ’K)du, this quantity
has to be renormalized by the factor ¢~ 2 to converge as t — oo; moreover, the local
time of BHX belongs to the same Sobolev-Watanabe space as the local time of the
Wiener process.

We organized the paper as follows. Section 2 contains some preliminaries on the
stochastic calculus via regularization. In Section 3 we study the strong variation of the
bifractional Brownian motion B and we discuss its immediate consequences. Section 4
presents a detailed study of the process B"X when HK = %: in particular it is neither a
semimartingale, nor a Dirichlet process, nor Markovian, but it is a short memory process.
In Section 5 we derive an It6 formula for the same process.

2 Preliminaries on the stochastic calculus via regularization

We will present here some notions of the stochastic calculus via regularization intervening
along this paper. Other elements of this theory will be recalled in Section 5. We refer to
[43], [42] or [18] for a more complete exposition. Throughout the paper by ucp-convergence
we mean the uniform convergence in probability on each compact interval. A stochastic
process (X;);>0 will be extended by X for ¢t <0, to the real line.

We will use the concept of a- strong variation: that is, we say that the continuous



process X has a a-variation (« > 0) if
.1t o .
uep — lim — [ | Xgpe — Xs|™ ds exists. (4)
e—0 ¢ 0

The limit is denoted by [X ]Ea) .

The notion of n-covariation was introduced in [18]. It plays a significant role in the
stochastic calculus via regularization, for example in the case of the fractional Brownian mo-
tion with small Hurst index. If (X1,...,X,,) is a continuous vector, then the n-covariation
[X1,...,Xy] is given by

t

1
[X1,...,Xn]t = prob —gm(l)g (Xoge — Xa) -+ (X0 — X7 du
- 0

In this work we will actually only essentially cubic variation [X, X, X] of a process X.

We recall the basic properties and relationships of the above notions.

1. If X and Y are both semimartingales, then [X, Y] is the usual semimartingale bracket.

2. Clearly, for n even integer, when it exists, [X]™ = [X, X,..., X].
—_——
n times
3. Also, if the n-strong variation exists, then for every m > n it holds [X, X,..., X]| = 0.
—_——

m times

3 The study of the a-strong variation

We study in this section the existence of the strong variation of the bifractional Brownian
motion B and we discuss some immediate consequences.

Proposition 1 Let (BfI’K)tE[O,T] be a bifractional Brownian motion with parameters H €
(0,1) and K € (0,1]. Then it holds

o . 1
[BH’KL(e ) = 0, if a > TK

and
BH’K (a) _ Qﬂ ti _
[ ]t HK PHK ’l,fOé HK’

where prrx = B|IN|YHE N being a standard normal random variable.



Proof: We will regard only the case 2H K = 1; the other case (2HK > 1) can be treated
similarly. Denote by

o I HK HEK|Y
=1 | ‘Bm _BH ‘ ds.

1
By Lemma 3.1 of [43] it suffices to show that CF¥ (t) converges in L?(Q) as ¢ — 0 to
2%pHKt. We have by (2)

1

- 2\ 2HK
H.K HK|HE _ H.K HK oK
E Bers _Bs ) - (E‘Bs+€ - Bs ‘ > A 22HK ppgKE

(here the symbol ~ means that the ratio of the two sides tends to 1) and therefore
. T 1-K
hII(l)E (C’EHK (t)> = 20K pyit.
E—>

To obtain the conclusion it suffices to show that

e 2 _ 2
111%1[5( EHK(t)> - (2%,),”{) 2. (5)

E( EHK(t)) :8—2/0/0 e (u, v)dvdu
1

where 1. (u,v) = E ‘ (Bfﬁ . 357K> (Bfif - Bf«) ’W

Recall that if (G1,G2) is a Gaussian couple, then we can write

We have

COU(Gl, GQ) 9 COUQ(Gl, GQ)
= ——" Gy) — —————*N. 6
G2 = iy rtyvar (G2) =gy ©)
where N5 is a standard normal random variable.
Using (3) and (6) we get
R
e (u,v) 1| O (u,v) 1K O (u,v) 2
552 =E | |N|#E 0162HKN1+2 Noy /1 — 0, 2HK (7)

where C1, Cy are strictly positive constants and we denoted by
HK HEK HK HK
98(“”0) :E<Bu+s _Bu ) (Bv—l-s _Bv ) : (8)
We compute

O-(u,v) = Ru+ev+e)— Ru+ev)— Rw+e,u)+ R(u,v)
= (ac(u,v) + be(u,v))



where

ae(u,v) = 2LK [((u+s)2H + (w42 (it e)?H 42 )R
—((v+e)* +u2H)K + (u*! +v2H)K} (9)
and
be(u,v) = [(u+e— 0)2HE 4 (u— e —0)2BK — 2y — U)2HK] : (10)

First, note that the term b, appears in the study of the standard fractional Brownian
motion with parameter HK (see [43]). It was actually proved that

be(u,v)

. be(u,v)
lim 2K

=0 and
c0 g2HK

<c. (11)

Let us analyze the function a.(u,v) as € — 0. Note that in the fractional Brownian
motion case (when K = 1) this term vanishes. Using Taylor expansion and noticing that

d
ap(u,v) =0, %\szo = 0 for every u,v
and ) )
d“ac(u,v) H°K(K — 1)(u2H +1)2H)K72u2H71U2H71

de2 |e=0 = 9K—3

we obtain, for every u, v

H’K(K -1
as(u7v) — 2[((_3 )(uQH + UQH)K_QUQH_lvzH_1€2 + 0(62).

This shows that
Ae (ua U)

lim =0 for every u,v. (12)
e—0 5
To obtain (5) from (7), (11), (12) and by the dominated convergence, it suffices to

ae (u,v
€

bound the quantity
small. Since

by a function H (u,v) integrable on [0,7T]? uniformly in ¢, for e

as(u,v)  u v
- —g(gag) (13)
where
9@yl = (@ + 1 + (y+ 1)) = (@@ + 127 42"

K K
_ (372H + (y + 1)2H) + ($2H + yQH) ”
it is enough to bound g(z,y) for =,y large. This is obtained by observing that

K
l9(z, )l < 2[(y + 1) =277 —y oo 202H)". (14)



Remark 1 One can similarly show that the process B admits the same variation in the
“classical” sense. That is, if

V; 7HK BHK Z ‘Bt1+1

(15)

i

with m: 0=ty < ...,t, =t denoting a partition of [0,t], then

LYQ) — lim V" =0 (ifa > L) 2—KpHKt (if a =

1
fm, K and + oo (if @« < —=).

HK) HK

Remark 2 The above Proposition 1 distinguishes a special case that seems to be more
interesting than the other cases: the case KH = % If K =1, then H = % and we deal with
a Wiener process. It K # 1, we have an example of a Gaussian process, having non-trivial
quadratic variation which equals 2'~5t, so, modulo a constant, the same as the Brownian
motion. The next section will be devoted to a detailed study of the process in this case.

Using similar arguments as in the proof of Proposition 1, we can show the following
result, that will imply that the process is not a semimartingale when 2H K # 1.

Proposition 2 For any p,q > 0, we have

1)

HK H,K
J+1 _B

1-K P
—>n_>002HKE‘BYI?7K‘ in LY,

2)

p
BHK BHE

: 1
iy —n—oo 010 L7,

3)

HK__BHK

J“T —n—oo 00 N probability

i.e. for all L > 0 there is a ng such that for all n > ng

n—1
p
P anK’HqZ‘BM—Bl <L

Jj=0

-1
A

The following result is a consequence of results in Cheridito [7] and of the above
Proposition.



Proposition 3 The process BHX is not a semimartingale if HK # %

Remark 3 In fact, [7], pag. 20, introduces the notion of weak semimartingales which
generalizes the concept of semimartingales. Proposition 1.9 and 1.11 of [7], and the above
Proposition 2 imply that BEK is not a weak semimartingale when HK # %

In [8], the author introduced the so-called mized processes, the sum of a Brownian
motion and an independent Gaussian process and study the equivalence in law of this
process to a Wiener process. Denote by W a standard Wiener processes. Mixing it with a
bifractional Brownian motion we get the following

Corollary 1 The process BTE W | restricted to each compact interval [0,T1], is equivalent
in law with a Wiener process if HK > %

Proof:  Recall Theorem 20 of Baudoin-Nualart [3]. If X is a Gaussian process with

covariance R(t,s) such that gjg; € L2([0,T7?), the process Y; = X;+ W, is a semimartingale
(in its own filtration) equivalent in law to a Wiener process.
Concerning the process B™X note that for s < ¢,

0’R

@(S,t) 2K (QHK(K )(t2H+32H)K_2 (St)ZH*l —|—2HK(2HK— 1)(t_8)2HK72) )

Since (t2H + 32H)K_2 2K*2(st)H(K*2) the first part above belongs to L2([0,T]?) for
HK > 3 L and the second part for HK > |

We finish this section with the study of the cubic variation. If B = B is a fbm with
Hurst index H, the cubic variation [B, B, B exists if and only if H > %: this fact provides
an intuition on the natural barrier for the existence of the symmetric-Stratonovich integral
fo B)d°B for a smooth real function g. In fact, given a process X, it was observed in
[25], taking g(z) = 22, that fo X2d°X exists if and only if [X, X, X] exists. Moreover the
following inverse It6 formula holds:

/ XX = — é[X, X, X];.

If X is a bifractional Brownian motion B#-% we can see that [X, X, X] exists if (and we
think, as commented in Remark 4 below, only if ) HK > %. A more complete discussion
about the existence of symmetric integrals of the type fg g(B)d° B will be provided in Section
5.

The next result show that the cubic variation of a bifractional Brownian motion
BHK exists if HK > %



Proposition 4 If HK > %,
[BHK BHK pHK] _ (16)
for every t > 0.

Proof: See Appendix. |

Remark 4 In [26], Theorem 4.1. 2b) the authors proved, for the standard fractional Brow-
nian motion, that the cubic variation ezists if and only if H > %. It seems that the
arguments used along the proof of the fact that for H < % the cubic variation does not
exist, can be quasi-immediately extended to the bifractional situation, except the following

one which needs a particular attention: for fized t > 0,

1 /t Bu+5 - Bu 3 d

— —_— U

Ve Jo cHK
converges in law to a centered Gaussian random variable. This statement has been proved
in Theorem 2.4 of [24] for K = 1, the proof being long and rather technical. We believe

the result is true also for K # 1 and that the limit of the above expression worth to be the
object of a further more detailed study.

4 The study of the case HK = }

Throughout this Section (except the paragraph 4.6) we will assume that HK = % and
K # 1. The covariance function is given by

R(t,s) = 2% <<t11< +s%)K e s|> |

The Proposition 2.1 of [29] ensures that it is positive defined.

At a first look, the process appears in this case to enjoy special properties, differ-
ent from the ones met in the study of the fractional Brownian motion: it has non-trivial
quadratic variation equal to constant times ¢ and it is %— self-similar. We will also investigate
the following aspects of the process BK: if it is a semimartingale or a Dirichlet process;
having finite energy, it is known that it admits a Graversen-Rao decomposition (see [27]);
we study if is a long or short-memory process; some remarks on the regularity of its local
time are also given.

10



4.1 Not a Dirichlet process

Definition 2 A process X will be said (F;) L'—Dirichlet process if it can be written as
X = M + A, where M is local martingale with respect to (F) and A is a zero quadratic
variation process in the L'- sense (i.e. the sequence V™2(A) given by (15) converges 0 zero
as |w| — 0 in LY (). If no filtration is mentioned, the underlying filtration will be the
natural filtration. X will simply be called L' —Dirichlet process.

We will need the following lemma.

Lemma 1 Let us consider, for every i,l > 1, the following function on [0, 00)

fl@) = ((+a)* + 1+ = (27 + (14 )"
— ((i+ a)2H 4 2H)E (2H 4 2 (17)

Then the function f is strictly decreasing on [0,00) and we have that f(x) < 0 for every
x> 0.

Proof: We have f(0) =0 and, since 2HK =1,

oo (G ()N @) 4 (1 a2\
f(Oé) - < (i+a)2H ) ( (l—l—a)2H )

B ((i Jziafj);SJZZH)K_l ) <i2H(;FJ£laJ;2fI)2H>K_1 .

As a consequence f is decreasing and negative. |

Definition 3 A process X will be called (F;)- quasi-Dirichlet process if for any T > 0,

2
—|m|—0 0, (18)

n—1
ST:=> RE|E(Xy,, — X,/F,)
=0

where ™ : 0 = tg < ...t, = 1 is a partition of [0,T]. Again, if no filtration is mentioned,
the underlying filtration will be the natural filtration and X will simply be called quasi-
Dirichlet process.

The next result can be easily established.

Lemma 2 An (F;) L'- Dirichlet process is also an (F;)- quasi-Dirichlet process.

11



Proof: Let X be an L!'— Dirichlet process with canonical decomposition of X =
M + A. Tt holds that

n—1 n—1

ZE ‘E (Xti+1 - th'/}-ti) ? = ZE ‘E (Ati+1 - Ati/fti)
7=0 j7=0

n—1
ZE (Ati+1 - Ati)Q —0.n
=0

2

IN

The above Lemma 2 will help to establish the next result.

Proposition 5 When HK = % and K # 1, the process BT is not an L'- quasi-Dirichlet
process.

Using previous Lemma 2, we obtain the following.
Corollary 2 When HK = % and K # 1, the process BEX is not a L'- Dirichlet process.

Proof (of hte Porposition 5): Let n > 1 and t; = £, for i = 0...n. We use the
notation A} = Bx — Bi-1. Let us put

n—1
Su= " IIE (A31/F2 ) 1. (19)
=0

we will show that
lim S, > C > 0.

n—oo

Since the norm of the conditional expectation is a contraction, we have
n—1
2
J=0

and using the fact that (A;ﬁrl, A?, ..., A7) is a Gaussian vector, we obtain

J
E (A7 /AT, AT) =) AR
k=1

where b = A~'m with m the vector
m = (Cov (A?H, A?))lzl,...,j
and A is the matrix

A= (Cov (A}, A?))i,l:l,...,j :

12



We get
IE (A1 /AF,. .., A7) 3

2
= prAb=mTA"'m > —’TKHQ (20)

A being the largest eigenvalue of A. We find first an upper bound for A\. The Gersghorin
Circle Theorem (see [23], Theorem 8.1.3, pag. 395) and Lemma 1 implies that

J
< A;
A oS ) Al

1 =1
= s Y[ P = @ )
T =0

_ ((i+ 1)2H+Z2H)K+ (Z-2H +l2H)K”
11

g max [P )T = (P e P )

Let us define the function g : [0,j — 1] — R,

We have

/(m) B $2H+j2H K-1 - (x_|_1)2H_l_j2H K-1
g - x2H (x +1)2H

)G e

Thus g is decreasing and max;—g j—1 g(i) = g(0) = j — (1 + j27)K + 1. To summarize, we
obtained

11 .
A< Q_KEhl(j) (21)
with h1(j) =7 — (1 + 720K + 1.
On the other hand, by Lemma 1,
J
Imlly = > (Cov (A1, A7))?
=1
1 . 2H 2H\ K 2H 2H\ K
= WZ [((]—1—1) + (D)) = (G O+ 1))
1=0
2
_ ((j + 1)2H + lQH)K + (jQH T l2H)K}

o () ha(i) (22

v

13



where the function f is defined by (17) and we denoted by

|
—

mi) = - (G027 4 4+ D)) = (27 4 @+ 12"
!
_((j+1)2H+l2H)K+ (szJrle)K}

Il
o

Combining all the above estimations (21), (22) and (20) , we obtain

n—1 C n—1 ho( i
8= S IE (ag0/7,) B2 £ 3 20,
=0

J=0

By using the asymptotic behavior of the functions h; and hy we can see that

lim hi(j) = lim he(j) =1 —25"1 > 0.

J—0o0 J—00

8; > C > 0 when j is large enough and the conclusion follows. |

Consequently, Z?

A natural question is either our process is a semimartingale or not. Let us remember
some important facts about Gaussian semimartingales.

Remark 5 In the Gaussian case, the notion of semimartingale is closely related to the
notion of quasimartingale (see below the definition). That is, assuming that the Gaussian
process X is continuous, then X is a semimartingale (for its natural filtration) if and only if
it is a quasimartingale (for the natural filtration). We refer to C. Stricker [[6], Proposition
1 and Emery [17], pag. 704, before Theorem 2 (see also Song [44]).

We recall the definition of the quasimartingale.
Definition 4 A stochastic process (X¢)i>0 is a quasimartingale if for every T > 0,
X, € LY(Q) for every t € [0,T]

and

n—1
0 3{[TCAE)] [
j=0

where FX denote the natural filtration of the process X and A:0=tg <t; < ...tp, =1 is
a partition of [0,T].

BH,K

An immediate consequence of the above result is that the process is not a

semimartingale.

14



Proposition 6 Let us suppose that HK = % and K # 1. Then the process BEX s not a
semimartingale.

Proof: Suppose that B#¥ is a semimartingale. Then, by the above Remark 5, it follows

that BFX is a quasimartingale and this clearly implies that it is a quasi-Dirichlet process.
The conclusion follows by Proposition 5. |

Of course, being not a semimartingale, B™¥ is not a quasimartingale. But it enjoys
when HK = % (and only in this case) a special property:

n—1
BHE HEK  oHK HK
sup > |IE ( LK plt pHi gt ) I < oo (23)

where as before 0 = tg < ... < t, =1 is a partition of [0, 7.
Note that the relation (23) is not true for the fBm (it follows from the computa-
tions contained in [7], Section 4.3 but it can be also directly seen without difficulty). To

interpret this, we will say that the process BK with HK = 5 is somewhat ”closer” to a

semimartingale than the fBm (with parameter different from %) is.

Proof of (23): Consider t; = £ for 0 < i < n and recall the notation

Ay = AJHBHK Bif( - B K for every j.

n

Using the linear regression as in (6) we can write
A?—i—l = Oé(j, n)ASL + ﬁ(]a n)N

where N is a standard normal random variable independent of Bf’K — Bfl f( and

n n

Cov(AY, A7)
Var(A})

a(j,n) =
Therefore,

E (A% 1/AT) = (a(j,n) — 1) AT

Using the fact that for a centered normal random variable Z we have

T
121 = /212l

15



we will obtain

T, ::Z

f 3 s - v
NES > latim -1 (5 24

n—1
E (Bfﬂ{‘ - BHK/A;?)

1

Therefore, we get

n—1

=

= (G + (=12 =25 (- 12+ 2]

- = YfG)

T, = cst. { ]—i—l 2H)K

where
F@) = [(Q+ 22+ 1) = (L2 4 (1= 2" =28 4 (14 (1 2]

We have that f(0) =0, f/(0) = 0 and f"(0) = 2H (K — 1)2X~1. Thus, when n is large, T},
has the same behavior as

which goes to 0 as n — oo. |

4.2 Graversen-Rao decomposition

We discuss the Graversen-Rao decomposition for finite energy processes in the context of
the discretization approach. Let us recall the main result of Graversen-Rao [27]. We say
that a process X has finite energy if

2
E : th+1 - i

=0

supE < 00. (25)

™

The main result of [27] states if X has finite energy, then it can be decomposed as X =
M+ A, where M is a square integrable martingale and A is ” orthogonal” along a subsequence
of partitions, to any square integrable martingale. See also [10] for results in this context.
More precisely, we have

16



Theorem 1 If X is a finite energy process, then we can decompose X as
X=M+A (26)

where M is a square integrable martingale and A is a predictable process such that, for any
T > 0, there erists a subsequence my; of partitions of [0, T] with the mesh tending to zero
as j — oo satisfying

E Z (AtH—l - Ati)<Nti+l - Nti) —0 (27)
tieﬂ'nj gt <t
as j — oo for any square integrable martingale N .

Remark 6 The decomposition (26) is not unique. We have that (see [27]), if M' + A’
is another decomposition, then A — A’ is a continuous martingale. The continuity of the
martingale A — A" can be obtained even if X is a cadlag process.

Corollary 3 The process BEX admits o decomposition BEX = M + A, where M is a
(non identical zero) local martingale and A satisfies (27).

Of course, the Graversen-Rao decomposition holds also for HK > % since it is a

zero quadratic variation process; however in this case the martingale part is zero.

4.3 Short-memory process

We use the following definition.

Definition 5 We say that a stochastic process X haslong-memory (resp. short-memory )
if for any a > 0 it holds

Z r(n) = oo (resp. Zr(n) < 00)

n>a n>a

where

r(n) = E(Xn41 — Xn)(Xap1 — Xa)) - (28)

Proposition 7 If2HK =1 and K # 1, the process BHX is a short-memory process.

Proof: See Appendix. |

Remark 7 We can also prove that if HK > % the process BEX has long-memory, and for
HK < % it has short-memory.

17



4.4 Not a Markov process

Proposition 8 For every K € (0,1] and H € (0,1), the process BHX is not a Markov
process.

Proof: Recall that (see Revuz-Yor [41]) a Gaussian process with covariance R is Markovian
if and only if
R(s,u)R(t,t) = R(s,t)R(t,u)

for every s < t < w. It is straightforward to check that B™-X does not satisfy this condition.
[ |

4.5 Remarks on the local times

We provide in this subsection a brief study of the local time of the bifractional Brownian
motion with a particular look at the case 2H K = 1. Recall that, concerning the regularity
of the local time of fBm, the following facts happen in general: it belongs to the Sobolev-
Watababe space (see [38] or [49] for definitions) D*? with a < = — % and it has to be
renormalized by the factor t = to converge to a nontrivial limit. We generalize this results
to the bifractional case. As a general fact, the regularity ”of order H” is replaced by the
“order HK”. When HK = % the process BHX | from the point of view of the regularity of
its local time, appears to belong to the same class as the standard Wiener process.
Let us define, for every ¢t > 0, and x € R, the local time of B#:K ag

t

L(t,z) = L*(Q) — linf[lJ pe (Bs — ) ds. (29)
E— 0
22
where p.(z) = ﬁe_ﬁ is the Gaussian kernel of variance ¢ > 0. The Wiener chaos

expansion can be used to prove the existence and the regularity of L. By I,, we denote the
Wiener-It6 multiple integral with respect to B (see [35] for details).

Proposition 9 For every t > 0 and x € R, the local time L(t,x) exists and admits the
following chaotic decomposition

L{t, =) Z/ pf:;[({;r ( Qfm)[ (1iors))ds. (30)

where H,, is the nth Hermite polynomial defined for n > 1 by

(_1)n z2/2 ar —x2/2
Hylw) = e o (e02),

and Ho(z) = 1.
Moreover, it belongs to the space D*? for every a < ﬁ — %

18



Proof: The arguments of [12] can be applied to prove the existence and the chaotic
expansion of L(t,x).

Here we will just indicate how to evaluate the D®? norm. Similarly to [12] or [16],
we have

t
o pSQHKx €T n
IL(t, )12 2 =Z<1+n>E(/O SnHé)Hn(SzHK)Hl%sﬂd)

n>0

(14+n) " dvdu
<C(t,H K
> (t7 ’ / / UU HKn U'U)H
n>0

_C(tHK (14n)® // 2HK“RM) dvdu
- U = (uv) HKn (uv)H

= C(t,H,K)Y %/0 <Rz(jl’lf>>n Zjldez,

n>0

where C(t, H, K) is a generic constant depending on t, H, K which may differ from line to

line. We notice that R(L.2)
, 2
i S Q"

where Q(z) = WQH;Z# The behavior of the function @ has been studied in Lemma
2 of [16]. By applying the techniques used in [16], we get

/01 <R(1,z)>nzdz e < o K-

SHK

where the constant ¢(H, K) does not depend on n. This gives the conclusion. |

Remark 8 In particular, for HK = %, we find the same order of reqularity as the standard
Brownian motion (see [39]).

We finish this section with a short result on the asymptotic behavior of the occupa-
tion integrals of B,

Proposition 10 Let f be a continuous function with compact support and let us define,
for everyt >0, Xy = fo BEK )ds. Then we have

=X~ FL(1,0) (31)

where f = fo z)dx and "—” stands for the convergence in distribution.
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Proof: Let us assume HK = %; the general case is analogous. It holds, by the HK = 5-
self-similarity of the process and the occupation time formula

¢ / ' F(Bu)du

dt/ftzB du_t/ftzx (1,z)d :%/f )L(L,yt~2)dy.

This shows that
1/ f(By)du =4 /f L(1 t*%y)dy.

Using the existence of a bicontinuous version for the local time (see [5] or [22]) one can see
that the right side converges as t — oo to L(1,0) fR )dy. |

l\.’)

5 Ito formula

We prove in this section an Ito formula for the bifractional Brownian motion with any
parameter H € (0,1) and K € (0, 1]. We first present some more elements of the stochastic
calculus via regularization. Note that the notions are a little bit relaxed, the limits being
considered in probability.

Let us consider two continuous processes X and Y. The symmetric integral of YV
with respect to X is defined as

t 1 (Y, Y,
/ Y, d°X, = prob — lim — Lute ¥ Xu
0

X - X > 0.
e—=0¢ Jo 2 ( ute u)du, t20

More generally, if m > 1 and Y is locally bounded, the m-order symmetric integral of Y
with respect to X is given

t Y, +Y,
/ Y,d°"™ X, = prob — lim — / M(XW—XU)’” du, t>0.
0

e—0¢
We have
1. If X and Y are both semimartingales, then [Yd°X is the classical Fisk-Stratonovich
integral.
2. We have

t t
/sto(l)Xs:/ Y,d° X,
0 0

In the fractional Brownian motion case, the above more or less classical definitions
are sufficient to develop a stochastic calculus if the parameter is strictly bigger that % (see
[25], [26]). An extended notion of m-order v-integral , where v is a probability measure, is
needed when the Hurst index is less than %. This extended approach has been introduced
in [26]. We recall the definition of the m-order v-integral (see [26] and [47]).
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Definition 6 Letm > 1 and v a probability measure on [0, 1]. For a locally bounded function
g : R — R, the m-order v-integral of g(X) with respect to X is given by

t 1 t 1
/ 9(Xy)d"" X, = lir% prob g/ du (Xyye — Xu)m/ g ( Xy + a(Xyte — Xy)) v(da).
0 e 0 0
(32)

This integral with respect to X is in general defined only for integrands of the type
g(X). Note that

o If =99 and m € N*, then fo «)d”" Xy, is the m-order forward integral (see [25]).

o If p= %, then fo 9(Xy)d”"™ X, is the m-order symmetric integral defined above.

The following It6’s formula was proved in [26].

Theorem 2 Let n,l > 1 integers and let v be a symmetric probability measure on [0, 1]
verifying

1
- 1
R 2j
ma, 1= a“v(da or 1,...,0—1.
2] /0 (dar) = 2jJrlf j=

If f € C*™(R) and X is a continuous process with (2n)-variation it holds that

[(Xt) = f(Xo) / f(X,)d" X, +Zkl / FEIHD (X, )db2 2t X, (33)

provided that all the integrals except one exist. Here k;; denote universal constants. The
above sum is by convention zero if | >n — 1.

In particular, when v = %, we have
F(X0) = £(Xo) / X)X, + Zkz / FEHD(X, a2, (34)
Remark 9 When v is the Lebesgue measure on [0,1] one can prove an Ito’s formula with
very few assumptions (see Proposition 8.5 in [26]): if f € CY(R), then fo f(Xu)d"t X,
ezists and
F(X0) = f(Xo) / FX)dX,

However this formula is almost a tautology; the interesting case arises when v is discrete.

We treat now the particular case of the bifractional Brownian motion. The proof of
the below theorem will be postponed to the Appendix.
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Theorem 3 Let g be a locally bounded real function. If n is a positive integer such that
(2n+1)HK > 1, the integral fg g(BEEY @122 BILK cricts and vanishes.

Remark 10 As a consequence of the above theorem, if (2n + 1)HK > L the integrals

2
fo BHK d61/2’2l+1BHK exist and vanish for all integers | > n.

O1,l . .
In particular, if HK > %, the integrals fgg(Bg’K)d 3" exist and vanish forl>3.

As a consequence of Theorem 2 and 3, we obtain the following It6’s formula for the
bifractional Brownian motion.

Theorem 4 a. Let v be a symmetric probability measure. If HK > L and f € C5(R),

6
the integral fO (B HK)d”lBHK exists and we have

t
FBE) = 50+ [ FBI B, (3)
b. Let p a probability measure satisfying
1
ma; :—/0 o p(da) = 511 j=1...,r—1

and let us assume v > 2. If 2(2r + 1)H > 1 and f € C¥*+2(R), then the integral
fo (B BHK d”lBHK exists and we have

t
FBE) = 10 + [ FBEa B (36)

0
Remark 11 An example of a measure verifying point b. of Theorem j is given in [26],

Remark 4.6.

Remark 12 e if HK > %, then the stochastic calculus via regularization gives an Ito’s
formula of standard type for the bifractional Brownian motion

FBI) = s0)+ [ "B O BILK
0

This follows from Theorem 4 b. and Theorem 2, formula (34).

o if HK < % one need an extended, relaxed way to integrate.

Remark 13 [t6’s formula given in Theorem 4 could be written for the case f(t,BtH’K).
This fact can be used to solve stochastic differential equations driven by BHX of the type

dX, = o(X,)dB!ME +b(X)dt, Xy = a. (37)

where the stochastic integral is understood in the symmetric sense. We will not insist on
this topic since standard arguments apply. We refer e.g. to [1] for the definition of the
solution of (37) and for the method to solve this equation. Another approach, not related to
Gaussian processes, is provided in [18] .
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6 Appendix

Proof of Proposition 4: For every t > 0, denote by

t (gHK _ gHKy3 2
If:E(/ Bufe =B )5\
0 g

We will prove that I7 converges to zero as ¢ — 0 for every t. Using the relation

E (G3G}) = 6Cov® (Gs,Gq) + 9Cov (G3,Gy) Var(Gs)Var(Gy)

if G3, G4 are two centered Gaussian random variables, it holds that

3 3
K BH,K) (BH,K _ BgI,K

H’
c ¢ UE<Bu+5 u v+e )
I = 2// 5 dvdu
e
= 12// ddu
t pru O (u,v)Var (Bqﬂf—Bf’K) Var(Bﬂ?—Bf’K)
+9// '
€
3
_ 12// aguv+b(uv))dvdu

t pu (ag(u,v) + be(u,v))Var (Bf_;f - BE’K> Var (Bi’_? - Bf’K>
—1-9/ / dvdu

= A, + B..

dvdu

where 0, a,b are given by (8), (9) and (10).
We estimate first the term B.. We have

t ruag(u,v)Var (Bqﬂ[; — Bf’K) Var ( ﬁf ~ Bl K)
9 / / . dvdu
€
0 Jo
t rube(u,v)Var <Bf_’§ — B{L{’K) Var ( ﬁf - Bl K)
+9/ / 3 dvdu
0 Jo €

= B!+ B2

By (3) it holds that

t ru
b
B?Scst.E4HK// E(Lgv)dvalu
0 Jo €

and this converges to zero since it has been already studied in [25], Proposition 3.8.
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The B! can be bounded by

t U
as(u,v
Balgcst.a‘lHK// #d d
0 Jo €

and this goes to zero by the (12) and (14).

Concerning the summand A., we can write

2
A, = 12// ac(u dvdu+36// aguv)b(uv)dvdu
+36// ac (1, v)be (U, v) dvdu+12// be(w,0)* 1 o

1= A;+A§+A§+A§.

The last term A% appears in the study of the fractional Brownian motion with parameter
HEK. When ¢ is close to zero, it behaves as (see [25], proof of Proposition 3.8)

oo
cst.sGHK_l/ ((z + 1)2HE 4 (g — 1)K _ 2:E2HK)3 dx
0

and this goes to zero if HK > %.
Treatment of the three remaining terms is similar. For example, concerning A;,

using (12) we obtain that
t  ru
Al < cst./ / az(u,v)dvdu
0 JO

and this tends to zero as ¢ — 0 by (12), (13) and (14). [ |

Proof of Proposition 7 : We have, for any a > 0 and n > a,
r(n) = E ((Bn-‘rl - Bn)(Ba—H - Ba))
1 K K
= o [+ D+ @ 1)) — (1) + a2

— (0?4 (a+ 1)) 4 (n2F 4 aQH)K}
ol

f@) = (1+2)2 + ((a+D2)*)" = 1+ ((a + D))"
(U + 22 4 (a2)?")" 4 (1 + (az)?)" .
We study the behavior of f at the origin. We have £(0) = 0 and
f'(x) = 271G (2) + Ga(x)

where
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Gi(z) = (a+ D> ((1+2)* + ((a+1)2)*") 7 — (@ + 1D (14 ((a+ 1)2)?7) "
—a® (14 2)* 4 (ax)?™) " a7 (14 (a)?)
and
Ga(w) = (L+ @21 (L4 @)+ ((a+ 1)2)2 ) = (4 2)2 4 (a)) ]

We can show that Gi(z) = (1 — 2H) [(a+ 1)* — a*] 2 + o(z) and writing Gh(z) =
2?1 H (z) + Ha, we obtain G4(z) = (1 — 2H) [(a + 1)*H — a?#] 227 + o(2*). Conse-
quently,

flx) =201 —2H) [(a+ 1)* — a®"] 2?7 4 o(x2H 1),

Therefore,

S et =275 S nf ()

n>a n>a

Z
n>a

and this is finite since 2HK = 1 implies H > % [ |

has the same nature as the series

Proof of Theorem 3 : After use of localization arguments, it will be enough to suppose
g bounded. In that case, we will prove that, for m = 2n 4+ 1 with n > 1, the quantity

1 1 BHE _ pHK
(B (mlt - )

converges to zero in L2() as e — 0 or equivalently

H,K H,K HK HK
o L o[ (BEE - Bl BitE _ gl
s T 9 g 2 g 2
D

x (BILE - B (B - BV "] dvdu (38)

tends to zero as ¢ — 0, where D is the set (0 <u <v < 1).
Using exactly the same arguments as in [26], we can consider the following reduc-
tions:

25



e The integration domain D can be replaced by the set

D.={e""? <v<u<1,e"™" <v—u<1 with p small enough }.

The next step is to do the linear regression on the Gaussian vector

(Gl’ GZa G37 G4) = (Bu—i—a + B’LL7 Bv-i—a + Bva Bu—i—a - Bu’ Bv—i—a - Bv)

An A§1>
A—
(A21 Ago

with covariance matrix

e Ac(u,u)  Ac(u,v)
Ay = <Ai(u: v) Az(v:v)>
where
Ac(u,v) = QL [(((u+€)2H + (v +6)2H)K — (u— U)QHK)
+ (((u +e)?H + UQH)K —(u+e— ’U)QHK)
+ ((uZH + (v + E)QH)K —(u—¢e— v)ZHK>
((uw i UQH)K (- U)ZHK)] ‘

The matrix Aoy is given by

A . COU(Gg,Gl) CO’U(Gg,Gz)
27\ Cov(Gy, G1) Cov(Gy, Gy).

Since the matrix Aq; is symmetric and positive definite, we can write A1 = M M™* where

A (u,u) 0
M = Aluw) V/De(u,0)
\/AE (u,u) \/A(u,u)

and
1 . A(u,v)
sy —1 \/AE (w,u) \/Aa (u,u) De (u,v)
(M ) = 0 Ac(u,u)
D¢ (u,v)

By linear regression, we can write (see also [26])

(@) = (@) +(



where R is given by R = Ao (M*)™!, the vector (Z3, Z4) is independent from (G, G2) and
the random variables N; and N5 are independent.

Next, the term Jg(m) given by (38) can be divided into three summands as follows.

=g [( 1) (ig)@ﬁ%) (D + Z0)™ | dvdu
N // [ ( 1) (%)]Z?Zfdvdu
// [ < 1) <G22>} (P32 120 + Ta 23 2 Y) dudu
2, [ol(5)0 ()

x Z Z C3.Ch (T2 Tk zy= + 15 25+ 2] ) dvdu
=0 k=2
= J1+ J2+ Js.

First, by Lemma 5.2 in [26], we note that Jo = 0. We prove next that the term J3
goes to zero as ¢ — 0. In order to do it, following the computations in [26], the key point
that we have to check is to show that

/D /\rij]ldudv < est.eEH for all 4,5 € {1,2}

where r;; are the coefficients of the matrix R. This follows since we prove the following
bounds:
est.u?TB < A (u,u) < est.u®8E A (u,v) < estaTEpHE (39)

and
D.(u,v) > est.u?HE (v — y)?HE (40)

where cst. denotes a generic positive constant. We will use the following inequalities, for
z,y >0,

(:13+y)K Z 2K_1(£L'K+yK) and (l‘—|—y)2HK 2 22HK—1(x2HK+y2HK) Z ($2HK+

yQHK)'

N | —

Concerning the lower bound of (39), we can write

1
Acluyu) = 7 [2K(U+E)ZHK + 2Ky 2HE | 9 (04 6)2H +u2H)K _ 9g2H 4 9K 2HK
Z 21]( [2K+1( )QHK +2K+1u2HK _ ZEZHK]
1
2 (since u > 6) 2 (2K+1 2HK + (2K+1+2HK—2)62HK)
> cst.u?HE
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and for the lower bound in (39), it holds
4 (u+€)2H +u2H)K _ 9 2HK

<
< 2 ((2u)2H + UQH)K 4+ 92 ((u e)H g 2H 6QH)K
< 2HK

A (u,u)

cst.u

Regarding the inequality (40), we note that

Ac(u,u) (f) 7(145(%0) e(EY)

u?HK - U v —u 2HK ~— (1_%)2HK
where
p(z) = (1+ 2K 414 27K [(1 4 (14 2)27)K — 22HK]
and
Ac(u,v)? —h(E v>

W2HK (y — 20K~ "\ y
with
h(z,y) i <1+2x+x2>H+< +2 +x2)H ’ <1 2+ )HK

Y = 7 || - +2=+— Y+ 2x + — —(==-2+y
2K (y — 1)2HK y oy oy y y

1 x2 H\ K 1 22 T HE
+ —H+<y+2x+—> —(—+y+——2—2—+2x>
Y Y Y Y Y

1 r  x? a . 1 x? T HK
+ <—+2—+—> +ay —<—+y+——2+2——2x>
Yy Yy Yy Y Yy Yy

1 K 1 HK
+ <—H+yH> —<——2+y> :
y y

As a consequence we can write,

D.(v,v) —r(i v)

W2HE (y —)2HE — "\ y
where the function 7 : [0, 1]x]1, 00] is given by

v o(@)e(5)

7(z,y) = W — h(x,y).

Next, we note the following point: if v > u, 7(0, 7) is strictly positive since Do(u,v) is the
determinant of the covariance matrix of (B, B,) and as in [26] it suffices to check that

w(%,%)_w(o,g)‘gc(%)a with a > 0

28

Ve >0, Y(u,v) € D,




and it can be checked that every term appearing in the expression of T satisfies this property.

The proof of the fact that J; tends to zero as e — 0 is a straightforward generaliza-

tion of Lemma 5.4 in [26]. [ |
References

[1] E. Alos, J.A. Leon and D. Nualart (2001): Stratonovich calculus for fractional Brow-
nian motion with Hurst parameter less than % Taiwanese Journal of Math., 4, pag.
609-632.

[2] E. Alos, O. Mazet and D. Nualart (2001): Stochastic calculus with respect to Gaussian
processes. Annals of Probability, 29, pag. 766-801.

[3] F. Baudoin and D. Nualart (2003): Equivalence of Volterra processes. Stochastic Pro-
cesses and their Applications, 107(2), pag. 327-350.

[4] C. Bender (2003): An Ito formula for generalized functionals of a fractional Brownian
motion with arbitrary Hurst parameter. Stochastic Process. Appl. 104 (2003), no. 1,
81-106

[5] S. Berman (1973): Local nondeterministic and local tims of Gaussian processes. In-
diana Journal of Math., 23, pag. 69-94.

[6] J. Bertoin (1986): Le processus de Dirichlet en tant qu’espace de Banach. Stochastics,
18, pag. 155-168.

[7] P. Cheridito (2001): Regularizing fractional Brownian motion with a view towards stock
price modelling. Ph. D. Thesis, ETH Ziirich.

[8] P. Cheridito (2001): Mizxed fractional Brownian motion. Bernoulli, 7(6), pag. 913-934.

[9] P. Cheridito and D. Nualart (2002): Stochastic integral of divergence type with respect
to the fBm with Hurst parameter H € (0, %) Preprint.

[10] F. Coquet, A. Jakubowski, J. Mémin and L. Slominski (2004): Natural decomposition
of processes and weak Dirichlet processes. Preprint.

[11] L. Coutin and Z. Qian (2002): Stochastic analysis, rough path analysis and fractional
Brownian motion. Prob. Theory Rel. Fields, 122(1), pag. 108-140.

[12] L. Coutin, D. Nualart and C.A. Tudor (2001): The Tanaka formula for the fractional
Brownia motion. Stochastic Proc. Applic., 94(2), pag. 301-315.

[13] L. Decreusefond and A.S. Ustunel (1998): Stochastic analysis of the fractional Brown-

ian motion. Potential Analysis, 10, pag. 177-214.

29



[14]

[15]

[16]

[20]

[21]

[22]
23]

[24]

[27]

28]

R. Dudley and R. Norvaisa (1999):  Differentiability of six operators on nonsmooth
functions and p-variation. Lect. Notes in Math. 1703.

T. Duncan, Y. Hu, B Pasik-Duncan (2000): Stochastic calculus for fractional Brownian
motion I. theory. Siam J. Control and Optimization, 38(2): pag. 582-612.

M. Eddahbi, R. Lacayo, J.L. Sole, C.A. Tudor and J. Vives (2001): Regularity and
asymptotic behaviour of the local time for the d-dimensional fractional Brownian motion
with N -parameters. Stochastic Analysis and Applications, to appear.

M. Emery (1982): Covariance des semimartingales gaussiennes. C.R.A.S., tome 295
(12), pag. 703-705.

M. Errami and F. Russo (2003): n-covariation, generalized Dirichlet processes and
stochastic calculus with respect to finite cubic variation processes. Stochastic Processes
and Their Applications, 104(2), pag. 259-299.

M. Errami and F. Russo (2003): Ité’s formula for C'*-functions of a cadlag process
and related calculus. Probab. Theory Related Fields 122 (2002), no. 2, pag. 191-221.

H. Follmer (1981): Calcul d’Ité sans probabilités. Séminaire de Probabilités XV, Lec-
ture Notes in Mathematics 850, pag. 143-150.

F. Flandoli, F. Russo (2002): Generalized stochastic integration and stochastic ODE’s
Annals of Probability. Vol. 30, No 1, pag. 270-292.

D. Geman and J. Horowitz (1980): Occupation densities. Annals of Prob., 1, pag. 1-67.

G.H. Golub and C.F. van Loan (1989): Matriz computations. Hopkins University
Press.

M. Gradinaru and I. Nourdin (2003): Approzimation at first and second order of m-
order integrals of the fractional Brownian motion and of certain semimartingales. Elec-
tronic J. Probab. 8, paper no. 18, pag. 1-26.

M. Gradinaru, F. Russo and P. Vallois (2004): Generalized covariations, local time and
Stratonovich Ité’s formula for fractional Brownian motion with Hurst index H > i.

Annals of Probability, 31(4), pag. 1772-1820.

M. Gradinaru, I. Nourdin, F. Russo and P. Vallois (2003): m-order integrals and gen-
eralized Ito’s formula; the case of a fractional Brownian motion with any Hurst param-
eter. Preprint, to appear in Annales de I’Institut Henri Poincaré.

S. Graversen and M. Rao (1985): Quadratic variation and energy. Nagoya J. Math.,
100, pag. 163-180.

J. Horowitz (1977): Une remarque sur les bimesures. Séminaire de Probabilités XI,
Lecture Notes in Mathematics, 581, pag. 59-74.

30



[29]

[30]

[31]

[32]
[33]
[34]

[35]
[36]

[37]
[38]
[39]

[40]

[41]

[42]

[43]

[44]

[45]

[46]

C. Houdré and J. Villa (2003): An example of infinite dimensional quasi-heliz. Con-
temporary Mathematics, Amer. Math. Soc., 336, pag. 195-201.

S Huang and S. Cambanis (1978): Stochastic and multiple Wiener integrals for Gaus-
sian processes. Annals of Probability, 6, pag. 585-614.

Y. Hu and B. Oksendhal (2000): Fractional white noise calculus and applications to
finance. Preprint.

J. P. Kahane (1981): Hélices et quasi-hélices. Adv. Math., 7B, pag. 417-433.
J. P. Kahane (1985): Some random series of functions. Cambridge University Press.

T. Lyons (1998): Differential equations driven by rough signals. Rev. Mat. leroameri-
cana, 14(2), pag. 215-310.

P. Major (1981): Multiple Wiener-Ito integrals. Springer-Verlag.

O. Mocioalca and F. Viens (2004): Skorohod interation and stochastic calculus beyond
the fractional scale. Journal of Functional Analysis, to appear.

I. Nourdin (2004): Thése de doctorat, IECN Nancy.
D. Nualart (1995): The Malliavin calculus and related topics. Springer-Verlag.

D. Nualart and J. Vives (1992): Smoothness of Brownian local times and related func-
tionals. Potential Analysis, 1(3), pag. 257-263.

Z. Qian and T. Lyons (2002): System control and rough paths. Clarendon Press,
Oxford.

D. Revuz and M. Yor (1994): Continuous martingales and Brownian motion. Springer-
Verlag.

F. Russo and P. Vallois (1993): Forward backward and symmetric stochastic integration.
Prob. Theory Rel. Fields, 97, pag. 403-421.

F. Russo and P. Vallois (2000): Stochastic calculus with respect to a finite quadratic
variation process. Stochastics and Stochastics Reports, 70, pag. 1-40.

Shiqui Song (1986): Quelques conditions suffisantes pour qu’une semi-martingale soit
une quasi-martingale. Stochastic, 16, pag. 97-109.

C. Stricker (1983): Semimartingales gaussiennes-application au probléme de
linnovation. 7. Wahr. verw. Gebiete, 64, pag. 303-312.

C. Stricker (1984): Quelques remarques sur le semimartingales gaussiennes et le
probléme de linnovation. Lecture notes in Control and Information Sciences, 61, pag.
260-276.

31



[47] M. Yor (1977): Sur quelques approzimations d’intégrales stochastiques. Séminaire de
Probabilité XI, Lecture Notes in Mathematics, 581, pag. 518-528.

[48] M. Zahle (1998): Integration with respect to fractal functions and stochastic calculus.
Prob. Theory Rel. Fields, 111, pag. 333-374.

[49] S. Watanabe (1994): Lectures on stochastic differential equations and Malliavin cal-
culus. Springer-Verlag.

32



